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Abstract: Full duplex (full duplex, FD) IAB (integrated access and backhaul) networks rely on accurate channel
estimation to suppress self-interference (SI). However, the estimation of complex channels often results in high
pilot overhead. To address this, this paper proposes an End-to-End hybrid beamforming framework for FD TAB
networks based on implicit channel feature, which effectively reduces pilot overhead and mitigates complex
interference. Firstly, we design a Sensing Transformer module to generate spatial channel sensing vectors,
enabling the IAB node to active observe pilot signals. This module leverages the attention mechanism to
efficiently handle pilot observation sequences of arbitrary lengths and extract implicit channel features. Based on
the extracted implicit channel features, we further design a Hybrid Beamforming Neural Network (HBFnet) to

design the hybrid beamforming of the IAB node, thereby effectively suppressing SI and compensating for
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channel fading. Simulation results demonstrate that the proposed scheme achieves higher spectrum efficiency

with lower pilot overhead compared to traditional methods.
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Fig.1 System model of FD IAB network
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